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Knowledge Bases Completion Based on Multi-hop Paths
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Abstract In order to complement knowledge bases (KBs), the authors propose a new path-based reasoning
method, which uses the attention mechanism to combine entities and their types to represent the entities in the path
and use the attention mechanism to summarize the absolute value of the difference between the relationship vector
predicted by each path and the representation vector of the given relationship to calculate the confidence of the
model. The results of experiment on benchmark data sets WN18RR and FB15k-237 show that the proposed model

has better performance than the existing path-based relational reasoning methods.
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Fig. 3 Attention mechanism model based on path reasoning
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