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Abstract
data, and then mine the group based on massive spatiotemporal behaviors. This study collects more than 40 million

The authors propose a method to extract individual travel spatiotemporal behaviors from social media

global geographic microblogs from users who have visited Suzhou, extracts 88270 tourism trajectories, and
identifies 36 classes of inter-city tourism movement patterns in five categories. It is found that the extracted
patterns conform to the LCF theoretical model; besides the simple movement patterns, there are more complex
composite movement patterns. Based on big data, more accurate tourism movement patterns can be obtained, which

helps tourism managers understand tourists’ trends and preferences, adjust destination marketing strategies,

optimize tourism resource allocation, and provide better services for tourists.
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Table 1 Data structure and example of geo-tagged weibo and check-in weibo

B3l i ID it D P&NAEN Fisf i) AEFR POI {5
PNV, ok T
MRS 2663431322 3557229653678318 E”%mﬁ’ L“N,ﬁ’ e % 2013-05-08 15:51:42 31323 o
TEIX HL: http:/t.cn/zjAymMc 120.611
, A4 IS FiAEix HL: i
ZFE 2803567942 3605499255854876 JAAFEACHE AT AAEHOR FeAE i 2013-07-29 20:37:52 BLII6 eyt
http://t.cn/zZHDWIV3 120.846

AW IR ARE S LT 4 P58,

1) S [ i 35 2 0t - AR i b 2R A 1 1 28 265 B A
B, ASF T P R AR I I BT E B T 90 AT BOX

2) B PR JE e AR HE P A bl PR AR
B A, 1A 2 P ] e B R R BT

3) $EHUIRIERT 2S5 AT 0 T A RS . B [E] [
e AT B S T S LU, e P A b T o e s ] 51
PEAT R, IF BRI B 2 17 o o

4) AT ] RS sh X SR AT R AT
AR, IR b PG BRI RS st
21 ARERMHNHEHE

TH 5 e Ui 21 UK it W7 2 R FE T AR IR H
B, BT R R IR, 2 A T B (AN —
AEYATE Sh 0O, DR, SR R R T A i I
A EE AT . P E KR 333 N T AT
BIX, AR SCR A S0 e Al 15 45 A 30l Bk i 5
JEWTT R AT REYE . X T EER P U, @R
) M P g 5 A5 21 i H P B U5 3T R A C={c,
CoyenesCnt o X TR ¢, 1521 P AT
RATIITE S E Nee F i 7R IZ P m H AR 7R3
T Z AT B, I T AR (A E,:

2 M, o

%=§—MMM=ZM—MH{MJO (1

MR A7 S0 00 BB, B o A B A 4, (i
Ky F LR R T 5 R AL, AE A AEVE FEL A
AR R B A3 A A TR N4 2, i 7 4 £ 0 11
Ko PR, e R B X R 14 30 T3t i 1 Sk P R
JE T
2.2 HRFIT A RIIREX

W RIS, T B P Y S 5
AT R 5y, 3 2Z P R T IE AT B &S AT
Mo ARSCRILLT 44U 43 F P B BRI A TR

1) 5 JE MR . AR 4t R e 2 2L E S, TR
WiAT R R AR R BT IR RS . Wk, T
AT Ui 5 it Ui 06 sl & A A TR T =2 Ah . g

R T PR BT R S R, IR A A R A
L2 DH R T A Bl A BT, BN SR b B &
W, W P I 50K Bl ok k14T R 51

2) HSF Ji) i) o 0 0 = D s ] ) o] (A A 4 408
PRI AR TR — YO AT T o A AR AR & 4%
TR P B ] ] 68 o 25 7 B, TR A1 Wit %
CAF Y/ AT N, IR T — R AT T . R
JFH B[] ) o {3 — 288, AT LA 1k FH P IR [l T
3T AR R A ST S BT F i K O . AR SCHS
P ] 171 B 50 4 152 R 3 K

3) ALK A IF I ATAT R i S R —
R R IR T .

4) RN : [ PR R S R SRR iR AR
BRI T S AR B E R I, AR A Ak JE T E
VA BT A T Bl e SRR it DU RN BT A R O B v
DAL & e RRE Bl o AR SOR B SUIR I I ME &, B
Mt B 208 — A5 X, R T
A RARWEAT A o W HATREARAL B 5 X, WA 7
ZR AT AR R R B0, K AT AN iR i
TH .

B MR 25 2SR 2 5, (] i) B 0 0]
o5 st ] 29 R A, AT AL RN R A H AT AT 2R 1
2R, RERLIN A AT S PR BRI . S bR
4 FRI, AT LKA S AR KR AR U R A T
W AT, BIVRIERT 2347 Rk, W8 H b
3T B A 3]

NP AN PR AT R R, 1B e AR
SR 0 b X 43 s 2 AN AT AT R (Trip) . AN 1
fizs, M\ 20 KAGEHEIZE Rl ISR E 3 R B AT4T R .
1w ATH, B PR 3 KM 7T RIKA K
A i, E Ak s [ ] R D A 4 A S BB, PR
X B AT RSN . 2 AT, FPES 9 R
FUEE 12 KR Mg JE s, Bz b RS
10 RFES 11 R, 55 =i, R P TES 16
K5 VA 3R B TR 3k T, A ek (] (] o ) (5 0L,
I iZ R AT SR 16 RIG45H . W&, BRkBfr

887



R MARBI ) HS57E B 5

2021 49 A

HAT1

HAT2

473

[

\

I 1R £k

e / \
D-0-)-O-0-0--O-O-OO®-O-O1:)-O-1)0-19)-€)

mEsrEragre @ wwEmnsrnng @ wRwmmyran (O KRAME

1 UEANRARRMEFIAG, #7705

Fig. 1 Auser’s weibo timeline, used as an example
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