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Abstract Taking Chinese as the research object, the authors put forward the method to construct large-scale and
high-quality paraphrase parallel corpora. The paraphrase data augmentation method include transfering English
paraphrase corpus to Chinese, by using the method of translation engines, and manually annotating evaluation data
set. Based on the constructed Chinese paraphrase data, the validity of the paraphrase data construction application
method is verified in the paraphrase recognition task and natural language inference task. Firstly, the paraphrase
recognition data is generated based on the constructed paraphrase corpus, and the attention-based neural network
model of sentence matching is pre-trained to capture the paraphrase information. Then, the pre-trained model is
applied to the natural language inference task to improve the performance. The experimental results on the open set
show that the constructed paraphrase corpus can be effectively applied to the paraphrase recognition task, and the
model can learn paraphrase knowledge. When applied to natural language inference task, paraphrase knowledge
can effectively improve the accuracy of natural language inference models and verify the effectiveness of
paraphrase knowledge for downstream semantic understanding tasks. Meanwhile, the proposed construction
method for the paraphrase corpus is language-independent, which can provide more training data for other
languages and fields, generate high-quality paraphrase data, and further improve the performance of other tasks.
Key words paraphrase corpus construction; data augmentation; transfer learning; paraphrase recognition; natural
language inference
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Fig. 1 Statistical results of scoring different-length Chinese
translation pairs on the five translation engines
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Table 2 Data statistical information for paraphrase recog-
nition task and natural language inference
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Table 3 Experiment results on paraphrase recognition task
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Table 4 Phenomena on paraphrase recognition task
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Table 5 Experiment results on natural language inference
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Table 6 Experiment results on small sample data
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