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Abstract To solve the problem of Non-Sentential Utterances in multi-turn conversations, Masked Rewriter
Model is proposed based on the Masked Language Model, and the rewriting performance is significantly improved
compared with the Seq2Seq-based rewriting model. Considering the NSUs rewriting task characteristics, Masked-
Pointer Rewriter Model is proposed based on the Masked Language Model and Pointer Network, which achieves
better rewriting results than the Masked Rewriter Model by using the Pointer Network to enhance the model’s

attention to historical information.
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Fig. 2 Architecture of Masked-Pointer Rewriter Model
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Table 3 BLEU, ROUG and EM Score of positive cases (%)

TR BLEU-1 BLEU-2 BLEU-4 ROUGE-1 ROUGE-2 ROUGE-L 1Ef] EM il EM
Baseline 77.85 68.21 52.47 78.49 60.53 77.70 55.84 98.14
Masked Rewriter 89.75 83.47 72.01 92.39 85.51 92.24 57.25 96.60
Masked Rewriter + MTL 89.91 83.36 71.95 92.54 85.42 92.35 56.90 96.35
Masked-Pointer Rewriter 91.14 85.48 75.27 93.60 87.42 93.03 60.95 98.20
Masked-Pointer Rewriter + MTL 90.98 85.34 74.61 93.42 87.28 92.91 60.40 98.55
UL MABCE RN mAAERCR, T,
R4 L£EHHEAESH BLEU #1 ROUGE 84 (%)
Table 4 BLEU and ROUG score of all cases (%)

e BLEU-1 BLEU-2 BLEU-4 ROUGE-1 ROUGE-2 ROUGE-L NSUs F1
Masked Rewriter 94.33 91.15 84.94 95.93 92.25 95.87 —
Masked Rewriter + MTL 94.50 91.10 84.83 95.92 92.23 95.87 98.50
Masked-Pointer Rewriter 95.16 92.27 86.66 96.52 93.33 96.31 —
Masked-Pointer Rewriter + MTL 95.25 92.32 86.57 96.56 93.38 96.39 99.25
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