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Abstract The multi-mode ensemble based on spatiotemporal distribution is constructed to reduce the uncertainty
of a single-model and the non-uniform distribution of the traditional model ensembles. The improved genetic
algorithm is employed to optimize the multi-model ensemble of CMIP5 global climate data from temporal and
spatial scales, and Taylor diagram is used to evaluate its simulation performance. The experimental results show
that the multi-mode ensemble based on spatiotemporal distribution is superior to the traditional equal weight multi-

mode ensemble scheme.
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Table 1 19 CMIPS models used in this study
CMIP5 Hxk; H % IR (L E L)

ACCESS1-0 TRAFIE 1.875°%1.250°
ACCESSI1-3 WORFIIIF 1.875°%1.250°
CanESM2 JIESN 2.800°x2.800°
CCSM4 ESE| 1.250°x0.940°
CMCC-CM - 0.750°x0.750°
CMCC-CMS - 1.875°x1.875°
CNRM-CM5 B 1.400°%1.400°
HadGEM2-AO - -

inmem4 - -

IPSL-CM5A-LR WE 3.750°x1.894°
IPSL-CM5A-MR WE 2.500°x1.267°
IPSL-CM5B-LR - -

MIROC5 A4 1.406°x1.400°
MIROC-ESM HA 2.813°%2,789°
MIROC-ESM-CHEM HA 2.813°x2.789°
MPI-ESM-LR i 1.875°x1.865°
MPI-ESM-MR i 1.875°x1.865°
MRI-CGCM3 EEN 1.125°x1.121°
NorESM1-M Rk 2.500°%1.894°
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