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Abstract

expert disambiguation method based on multi-feature fusion is proposed. The paper information of experts is

According to the expert ambiguity with the same name in the process of building expert database, an

obtained from data sources such as CNKI. Key information (title, abstract, keyword, affiliation and collaborator)
is extracted. The feature representation model is constructed with these information as attribute features. The
similarity calculation function between experts of the same name is defined. According to the similarity, the
problem of disambiguation of the same name is transformed into clustering problem. Affinity propagation
clustering algorithm is used to solve the problem of homonymy disambiguation. Experiments on the collected
expert papers show that the accuracy of the same-name expert disambiguation method based on multi-feature
fusion can reach 92%, and good disambiguation results are achieved.

Key words multi-feature fusion; homonymy disambiguation; expert database; clustering algorithm; data colle-
ction
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Fig. 1 Overall framework of expert disambiguation based on multi-feature fusion
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