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Abstract

For the purpose of relieving the time cost and inconformity in annotation, the authors use an

articulatory features based mispronunciation detection system to give an Top-N feedback and use this feedback to
assist manual annotation. As a result, the consistency rate of phoneme labels in proposed system increases from
80.7% to 92.48%. In addition, the time cost for annotating each sentence reduce from 10 to 3 minutes. The results
indicate that proposed automatic annotation system is practical, and there is also aroom for further improvement.
Key words articulatory features (AFs); pronunciation erroneous tendency (PET); automatic annotation
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Tablel Articulatory features and their associated phones
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Fig. 1 Flow chart of articulatory features extractors
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Table 2 Inter-Chinese corpus annotation standard
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Fig. 2 Schematic diagram of annotation
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Fig. 3 Area annotation example
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Table 3 Japanese L2 inter-Chinese corpus
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Table4 Mispronunciation detection result
KBRS FRR/% FAR/% DA%
REALE 75 397 84.5
V. SWIEN 6.5 36.3 86.3
JERIEA 6.9 374 85.7
T 6.7 36.5 85.9
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Fig. 4 Top-N result
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Fig. 5 Result of annotation consistency
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