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Research on the Visualization Method of Social Crowd Emotion
Based on Microblog Text Data Analysis
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Abstract Existing sentiment analysis focus on the emotional tendency, which are lack of detailed description of
all kinds of emotions, they can’t intuitively reflect the emotional change of social groups. An emotional analysis
method based on the combination of dependency parsing and artificial tagging was proposed. Facial expression
animation to present emotions analysis was realized. The microblog crowd’s emotion in different areas for different
social events was visualized. The experimental results show that the model could closely and effectively simulate
the crowd emotion, and it could provide a new way of the analysis of network public opinion based on large data.
Key words text analysis; microblog; sentiment analysis; visual computing
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Fig. 1 Affective computing technique route of micro blog text
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Fig. 2 Emotional survey in Beijing for the “Zhao Yuan hit homicide” event
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in different provinces
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Fig.5 Emotion types and intensity of different events
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