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Research on the Sense Guessing of Chinese Unknown Words
Based on ‘“Semantic Knowledge-base of Modern Chinese”
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Abstract Based on the research issue of sense guessing of Chinese unknown words, different levels of semantic
dictionary were introduced by applying “Semantic Knowledge-base of Modern Chinese”. Models have constructed
for sense guessing by using these dictionary. Each model was intergrated to predict the unknown words and
obtained better performance. Based on each model, semantic prediction and annotation of the unknown words in
People’s Daily which published in 2000 were evaluated. Finally, corpus resources with the sense annotation of
unknown words were obtained.
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Fig. 1 Semantic category and word structure in SKCC
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Table2 Word number under different semantic
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Table 6 Prediction results of overlapping words
based on SKCC1 dictionary

e IETI% IERHI%
la 2179 72.6
1b 2134 71.1
2a 2309 77.0
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Table 7 Prediction results based on SKCC1 dictionary
under word-type models
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Table 10 Examples of unknown words based on SKCC3
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